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Abstract

[Purpose/Significance] Studying the influencing factors of information addiction in the
elderly is conducive to promoting the elderly to use various types of information more
scientifically and healthily, and helping them better adapt to the digital transformation
of society.

[Method/Process] Based on the COM-B model, this study collected 350 valid
questionnaires, focusing on three dimensions: Capability (information literacy,
cognitive function), Opportunity (technological accessibility, social support level), and
Motivation (positive psychological capital, fear of missing out). Empirical research was
conducted using structural equation modeling.

[Result/Conclusion] The results show that information literacy, cognitive function,
social supportlevel, and positive psychological capital have a significant negative impact
on the elderly's tendency toward information addiction, while technological
accessibility and fear of missing out have a significant positive impact. The mediating
effect test reveals that positive psychological capital and fear of missing out play
significant mediating roles in multiple pathways.
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1. Introduction

Against the backdrop of the interweaving of the longevity era and the digital age, alarge number
of elderly people are actively integrating into the online world, becoming a non-negligible new
force of netizens. On January 17, 2025, the China Internet Network Information Center (CNNIC)
released the 55th Statistical Report on Internet Development in China in Beijing [1]. According
to the report, by the end of December 2024, the scale of elderly netizens aged 60 and above in
China had reached 156 million, accounting for 14.1% of the total netizen population and 52.95%
of the elderly population aged 60 and above. On average, at least 1 out of every 2 elderly people
can access the Internet, indicating that more and more "silver-haired people" are actively
embracing the digital age.

The digital age has brought abundant resources, convenient services, and social connections to
the elderly, promoting their social participation and improving their quality of life. However, it
is also accompanied by problems such as the digital divide, network security risks, excessive
dependence, and information overload. As a vulnerable group in terms of information, the
elderly show an obvious digital divide compared with "digital natives" in three aspects: digital
access, digital use, and digital knowledge [2]. Nevertheless, many elderly people develop
information addiction while bridging the digital divide. Social issues such as "aging Internet
addiction" and "silver-haired heads-down groups,” which exacerbate the disability of the
elderly population, have attracted widespread attention from all sectors of society. During the
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2023 "Two Sessions," Jin Li, a member of the National Committee of the Chinese People's
Political Consultative Conference and Vice President of Southern University of Science and
Technology, also proposed the issue of "a serious imbalance between supply and demand of
silver-haired content” in his proposal, calling for attention to the problem of "elderly Internet
addicts" [3]. General Secretary Xi Jinping clearly put forward the implementation of the national
strategy to actively respond to population aging in the report of the 20th National Congress of
the Communist Party of China [4]. Given the country's emphasis on the elderly group and the
urgent social need for aging-friendly development, it is imperative to pay attention to the
healthy information utilization of elderly netizens.

Accordingly, this study takes the COM-B (Capability, Opportunity, Motivation, Behavior Model)
model as the theoretical basis to explore the influencing factors of information addiction in the
elderly and reveal the structural relationships among these factors. The aim is to improve the
elderly's ability to identify and judge information, guide them to establish healthy habits of
information acquisition and use, thereby better safeguarding their physical and mental health
and rights. This study will also contribute to promoting the digital transformation and inclusive
development of society.

2. Literature Review

2.1. Research on Information Addiction

Luo Ling [8] argued that information addiction specifically refers to the addictive behavior of
seeking information that emerges with the development of the online virtual society. Currently,
information addiction is regarded as a type of behavioral addiction [9], defined as a state in
which individuals engage in compulsive information consumption behaviors with the
development of the Internet. Individuals with information addiction experience an irresistible
desire and uncontrollable impulse for information, leading to inappropriate and repeated
information-seeking behaviors. This manifests as repeated and continuous information
interaction behaviors of individuals in virtual environments such as the Internet through
mobile terminals like mobile phones and computers, accompanied by typical addictive
symptoms such as emotional changes, conflicts, withdrawal, and relapse [10]. In this study,
information addiction is defined as an abnormal behavioral pattern in the Internet age,
characterized by individuals' excessive craving for and compulsive acquisition of information,
resulting in psychological dependence and impairment of daily life functions.

Systematic research on addiction began in the 19th century and made significant progress in
the 20th century, particularly in the fields of psychology and neuroscience. Initially, the focus
was on substance addiction (e.g., alcohol, opium, tobacco), and later expanded to behavioral
addiction (e.g., gambling, online pornography) [10]. With the popularization of the Internet and
personal computers, the ways in which people acquire and consume information have
undergone tremendous changes. Research on information overload and related behavioral
issues gradually increased starting from the 1990s. Scholars began to conduct more systematic
studies on the phenomenon of information addiction and explore its underlying psychological,
sociological, and neuroscientific mechanisms. From a neuroscientific perspective [27],
information addiction originates from the dopamine impulse generated in individuals. When
humans are exposed to information stimuli, the relevant nerves in the brain are activated,
thereby generating a craving for information. Samarraie H [28] believed that information
addiction stems from humans' need for information. Users become addicted to the content in
the process of using media to meet their own needs, and experience excitement and satisfaction
through continuous information acquisition and use, thus forming an abnormal addictive
phenomenon. Wang Wentao [10] analyzed the behavioral mechanism of information addiction
from three dimensions: neural mechanism, psychological response, and external
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representation, and proposed the HSC three-stage model of information addiction with the
incentive sensitization theory as the core. Later, he constructed models of the formation
mechanism of information addiction under different scenario characteristics, taking
entertainment and leisure, learning and creation, business transactions, and health tracking as
scenarios.

2.2. Research on Information Addiction in the Elderly

Current academic research on information addiction in the elderly is mainly carried out in the
fields of psychology, sociology, and communication. In the field of psychology, Jia et al. [11]
explored the relationship between real-life social support and Internet addiction among the
elderly during the COVID-19 pandemic; Yang et al. [12] studied the impact of interaction with
children on Internet addiction in the elderly, using loneliness as a mediating variable; Jin
Yong'ai [13] used Maslow's hierarchy of needs theory and the Activity Theory framework to
explore the impact of short videos on the lives of middle-aged and elderly groups from the
dimensions of family, social interaction, social adaptation, and mental health; Sun Yuchen [2]
analyzed the processing mechanism of digital addiction in the elderly from the perspective of
attention mechanism.

In the field of sociology, Wang et al. [14] adopted a qualitative descriptive research method to
investigate the elderly's cognition and experience of Internet addiction, and introduced factors
that may affect Internet addiction in the elderly into demography; Deng Ming [15] used Media
Dependency Theory and the flow theory proposed by psychologist Mihaly Csikszentmihalyi to
analyze the social and psychological motivations behind short video addiction among middle-
aged and elderly people; Wang Bin [16] constructed a localized model, considering the impact
of new human capital, family resources, and macro-environment on the elderly's Internet use;
JiaYuetal. [17] elaborated on the influencing factors of Internet addiction from the perspective
of intergenerational interaction.

In the field of communication, Song Meijie et al. [18] comprehensively explored the multiple
dimensions of short video addiction among the elderly from the perspectives of empowerment
theory, media practice, and social culture; Zhou Yuqiong [19] used the DUE framework
(Diffusion-Use-Effects) and cognitive-behavioral theory to conduct an in-depth analysis of the
all-round impact of new media on the elderly. There are relatively few studies on information
addiction in the elderly in the field of library and information science. Wang Fei et al. [20]
conducted an empirical study on the elderly's smartphone use, addiction status, and cognitive
function using the Multiple Cognitive Ability Self-Rating Questionnaire (MASQ) and the
Smartphone Addiction Scale (SAS).

2.3. Research on Influencing Factors of Information Addiction

A review of the literature shows that the factors influencing information addiction mainly
include individual factors, social factors, and technical factors. At the individual level,
personality traits, cognitive ability, and emotional state constitute the basic influencing factors.
Among them, mental health problems (such as depression and anxiety) will aggravate
dependence; cognitive function (activation level and control ability) regulates information
processing; technology acceptance and adaptation ability, together with digital literacy and skill
level, jointly affect the risk of addiction. At the social level, social network support and family
connections reduce the tendency of addiction, while social deprivation and loneliness promote
its development; cultural values and social identity exert their unique effects by influencing
information needs and usage behaviors. At the technical level, usability, information quality and
type, and personalized recommendation algorithms are key factors that promote or inhibit
information addiction. The details are shown in Table 1.

Table 1 Summary of research related to factors influencing information addiction
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Scholar

Influencing Factors

Research Object

Luo Ling[8]

Dai Bao et al. [21]

Jia Yu et al. [17]

Shi Yinan et al. [22]

Kayis et al. [23]

Guo et al. [24]

Parmaksiz [25]

Information flood, driving
force of communication
mode, dominance of
psychological needs
User factors (needs and
motivations, emotions and
attitudes, personality and
abilities, demographic
factors); Environmental
factors (social media—
related factors, societal
factors)

Intergenerational
relationships (whether
moving with family, whether
taking care of
grandchildren,
with children)

Cognitive and behavioral

interaction

factors (self-reflection,
self—doubt,
efficacy, negative self-

low self-

evaluation); Psychological
factors (loneliness,
depression, social anxiety,
self-esteem); Usage
motivations (entertainment,
social interaction, self-
expression, social
information seeking) ;
Personality traits

Big Five Personality Traits
(Openness, Neuroticism,
Extraversion,
Conscientiousness,

Agreeableness)

Parenting Styles: Positive
(e.g., emotional warmth),
Negative (e.g., rejection
and overprotection) ;
Interpersonal

Relationships, Gender
Personality traits, self-

efficacy

No specific group

College students

The elderly

No specific group

Adolescents

College Students

College students
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In summary, although domestic and foreign research on information addiction, information
addiction in the elderly, and the influencing factors of information addiction has achieved
certain results, there are still some shortcomings. From the perspective of research objects,
most existing studies focus on information-rich groups (such as college students), while there
are relatively few studies on information addiction behaviors of the elderly. From the
perspective of research content, studies on information addiction focus on media research,
including Internet addiction, mobile phone addiction, social media addiction, and game
addiction. However, essentially, media such as the Internet, mobile phones, games, and social
media themselves do not have addictive properties. What users are addicted to is actually the
content and information provided by these media; addiction to these media is essentially
addiction to information. From the perspective of research theories, some scholars have
explored the formation mechanism of information addiction to a certain extent, but few have
explored the influencing factors of information addiction formation from the perspective of
behavioral theories.

To address the above shortcomings, this study takes the elderly, an information-vulnerable
group, as the research object and introduces behavioral theories to explore the influencing
factors of information addiction in the elderly.

3. Theoretical Foundations and Model Construction

In 2011, British psychologist Susan Michie et al. [29] established the Behavior Change Wheel
(BCW) theory on the basis of integrating 19 theoretical frameworks related to behavior change.
This theory is used to analyze the influencing factors and action mechanisms of individual
health behaviors, and its core layer is the COM-B model. The COM-B model holds that individual
behavior is the result of the joint action of three factors: Capability, Opportunity, and Motivation.
Capability and Opportunity can not only have a direct impact on behavior but also exert an
indirect impact on behavior through Motivation. The COM-B model covers factors at the
individual, organizational, and social levels, and can explore the promoting and hindering
factors of individual behavior from different levels. It is widely used in behavioral research such
as consumption behavior, management behavior, environmental protection behavior, and
health behavior [30].

Based on this, this study adopts the COM-B model to examine information addiction among
older adults, analyzing influencing factors across three dimensions: capability, opportunity, and
motivation.

3.1. Capability Factors

In the COM-B model, Capability is regarded as one of the core factors affecting individual
behavior [31]. To deeply explore the influencing factors of information addiction in the elderly,
this study subdivides the Capability dimension into two sub-dimensions: information literacy
and cognitive function. For the elderly, a high level of information literacy can help them
effectively screen information, identify false content, protect personal privacy, and reasonably
arrange the time for information acquisition and use, thereby combating information overload
and reducing the risk of information addiction.

Cognitive function focuses on the brain's ability to process information, including attention,
memory, comprehension, decision-making ability, etc. In information addiction, the importance
of cognitive function lies in its impact on how individuals process received information, make
decisions on whether to continue browsing or stop, and whether they can recognize and control
their own information consumption behavior [32]. With the increase of age, the elderly may
face a natural decline in cognitive ability, such as a decrease in working memory capacity and a
slowdown in processing speed. These changes may make it more difficult for them to cope with
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complex information environments, making it difficult to effectively regulate themselves,
thereby increasing the possibility of being addicted to information. Based on this, the following
hypotheses are proposed:

H1: Information literacy has a negative impact on the elderly's tendency toward information
addiction.

H2: Cognitive function has a negative impact on the elderly's tendency toward information
addiction.

3.2. Opportunity Factors

In the COM-B model, Opportunity refers to the potential opportunities and conditions existing
in the individual's environment, which may promote or restrict the individual's specific
behavior [34]. In the study of information addiction in the elderly, this concept can be further
subdivided into two dimensions: technological accessibility and social support level.
Technological accessibility reflects the convenience for the elderly to use information
technology to obtain and operate information resources, while social support level measures
the degree of support and help the elderly receive in social interaction. These two dimensions
interact to shape the information behavior pattern of the elderly and may have a significant
impact on their tendency toward information addiction.

Technological accessibility includes the availability of hardware and software, Internet access,
and personalized recommendation algorithms [35]. Whether the elderly can easily access
smart devices and applications, as well as stable network connections and affordable network
services, is crucial for the elderly to use information frequently and for a long time. Social
support level includes family support, friend support, and community participation [36], such
as whether family members provide help and guidance to the elderly in the use of technology,
whether they reduce the elderly's dependence on digital media through shared activities, and
whether the community provides offline activities and communication platforms to encourage
the elderly to participate in physical social interactions and reduce excessive dependence on
online information due to loneliness. Based on this, the following hypotheses are proposed:
H3: Technological accessibility has a positive impact on the elderly's tendency toward
information addiction.

H4: Social support level has a negative impact on the elderly's tendency toward information
addiction.

3.3. Theoretical Foundations and Model Construction

In the COM-B model, Motivation is defined as the individual's internal desire and belief system,
which constitute the key internal driving force for promoting individuals to take specific
behaviors [37]. In this study, Motivation is specifically defined as two constructs: positive
psychological capital and fear of missing out. At the end of the 20th century, psychologists such
as Seligman initiated the positive psychology movement, exploring various positive
psychological potentials that promote individual self-realization from a new perspective [38].
Under the influence and inspiration of the positive psychology movement, American scholar
Luthans et al. [39] proposed the concept of positive psychological capital in 2004, which refers
to the positive psychological qualities that individuals explicitly or implicitly possess in the
process of growth and development, including four components: self-efficacy, optimism,
resilience, and hope [40].

The high self-efficacy of the elderly is positively correlated with a lower tendency toward
information addiction, and their confidence promotes self-control in information consumption.
Clear hope goals endow information use with purpose, promote time management, reduce
aimless browsing, and inhibit the tendency toward addiction. Resilience enables them to adjust
strategies in the face of information overload, maintain healthy usage habits, and prevent the
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aggravation of dependence. An optimistic attitude regards digital technology as a tool to assist
life rather than a means of escape, and this positive perspective reduces the risk of information
addiction.

In addition, fear of missing out refers to the anxiety that individuals experience when they
worry about missing events, information, or experiences in their social circles [41]. Among the
elderly group, fear of missing out may lead to frequent checking of social media and other
information sources to ensure that they keep up with trends or are not excluded. This
continuous monitoring behavior may aggravate the tendency toward information addiction.
Based on this, the following hypotheses are proposed:

H5: Positive psychological capital has a negative impact on the elderly's tendency toward
information addiction.

H6: FOMO has a positive impact on the elderly's tendency toward information addiction.

In the COM-B model, Capability and Opportunity can not only have a direct impact on behavior
but also exert an indirect impact on behavior through Motivation [29]. Therefore, the following
hypotheses are proposed:

H7: Positive psychological capital plays a mediating role between information literacy and the
elderly's tendency toward information addiction.

H8: Positive psychological capital plays a mediating role between cognitive function and the
elderly's tendency toward information addiction.

H9: Positive psychological capital plays a mediating role between technological accessibility
and the elderly's tendency toward information addiction.

H10: Positive psychological capital plays a mediating role between social support level and the
elderly's tendency toward information addiction.

H11: FOMO plays a mediating role between information literacy and the elderly's tendency
toward information addiction.

H12: FOMO plays a mediating role between cognitive function and the elderly's tendency
toward information addiction.

H13: FOMO plays a mediating role between technological accessibility and the elderly's
tendency toward information addiction.

H14: FOMO plays a mediating role between social support level and the elderly's tendency
toward information addiction.

Based on the above theoretical basis and relevant literature references, this study proposes a
model of factors influencing information addiction in the elderly based on the COM-B model, as
shown in Figure 1.
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Fig.1 A model of factors influencing information addiction in older adults based on the COM-B
model

4. Data Acquisition and Data Analysis

4.1. Questionnaire Design

This study adopts the questionnaire survey method to collect data, with the research objects
being elderly people aged 60 and above who have the ability to act independently. The content
of the questionnaire includes the variables based on the COM-B model mentioned above, and
specific measurement items are set. The questionnaire consists of two parts: the first part is
personal basic information, and the second part is the items of each variable in the research
hypotheses.

The design of the scale refers to existing domestic and foreign research literature and relevant
mature scales. The theme of the existing scales is adapted to integrate the content of this study,
and a total of 27 measurement questions are set. All indicators adopt a 5-point Likert scale,
requiring respondents to rate each question from 1 (completely inconsistent) to 5 (completely
consistent). The specific scale design and item sources of the questionnaire are shown in Table
2.

Table 2 Variable Measurement Question Items and Sources

Research
. Measurement Items Source
Variable
IL1 I know how to use Internet search engines to find Xia Zhijie et
information that interests me. al. [32];
Information IL2 T can use email or social media to share useful Jiang Xuan et
Literacy information with family and friends al. [42];
IL3 I can judge whether the information on the Cheng Ying et
Internet is scientific and reliable al. [43]
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Cognitive
Function

Technical
Accessibility

Level of
Social
Support

Positive
Psychological
Capital

Fear of
Missing Out

IL4 T know how to set a strong password to protect the
security of my online account

CF1 I can remember the names of new information or
people I recently encountered

CF2 When multiple tasks require simultaneous
attention, I can focus on completing the current task.
CF3 I can easily switch between different tasks, such
as transitioning from cooking to replying to a text
message

CF4 1 feel I can quickly understand information on the
screen and respond

TA1 T own my own smartphone/computer/tablet

TA2 My home has a stable and reliable internet
connection

TA3 My electronic devices feature large fonts and
voice assistant functions specifically designed for
seniors

TA4 1 find the interfaces of the apps or websites I
use to be user—friendly, easy to understand, and
operate

SS1 When I feel lonely, my family spends time with me
or stays in touch via phone or video chat

SS2 Some friends teach me how to use new apps or
internet features

SS3 My community service center or senior university
frequently organizes activities to help older adults
learn digital technology.

PPC1 Even when faced with new digital technologies, I
believe I can learn to use them.
PPC2 1 set clear goals and believe that through

sustained effort, I can master new digital skills

PPC3 Even when occasionally encountering setbacks, 1
believe I will make progress in using technology in
the future

PPC4 When facing challenges in learning new
technologies, I can quickly recover from setbacks

FM1 When I see friends sharing their activities
online, I often worry that I'm missing out on
important things

FM2 T feel like I’ 11 miss information important to me
if T don’ t check social media updates promptly

FM3 Even when I have nothing specific to do, I
frequently check my phone just in case I miss any
updates

Xia Angi et
al. [32]

Choe et
al. [44]

Huang et
al. [45]

Moody et
al. [35]
Moody et
al. [46]

Cheng Ran et
al. [47]

Inui et
al. [36]

Wilson et
al. [48]

Chen Wei et
al. [49]

Li Zeqing[50]
Li Li et
al. [51]

Zhang Kuo et
al. [52]

Przybylski[41]
Song Xiaokang
et al. [53]
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TIA1 I find it difficult to control my online time and
often exceed my planned schedule

TA2 1 feel anxious or uneasy when I cannot immediately

. access the internet or digital devices. Young[54]
Information . . . . .
Addicti TA3 I find myself needing increasingly longer periods Chen
iction . . .
. of time online to feel satisfied. Shuhui [55]
Behavior ) )
IA4 T have postponed or canceled important social Wang Wentao
activities due to excessive internet use et al. [56]

TA5 After prolonged use of information devices, I
often experience eye strain and neck/shoulder pain

4.2. Data Analysis
4.2.1. Statistical Analysis of Basic Information

To eliminate potential problems in the questionnaire, this study conducted a pre-survey before
the official release of the questionnaire and improved the scale structure and content based on
the pre-survey results. A total of 76 questionnaires were collected in the pre-survey. The overall
Cronbach's a coefficient of the measured variables was 0.860, which was greater than the
acceptable value of 0.8, indicating that the reliability of the pre-survey data was good; the
overall KMO value of the measured variables was 0.804, which was greater than the acceptable
value of 0.8, indicating good validity. Therefore, all original items were retained.

The official questionnaire adopted a combination of online and offline methods. Considering
the particularity of the survey objects, this study assisted eligible elderly people in completing
the questionnaire by explaining the questionnaire items while ensuring the authenticity of the
data. The questionnaire collection lasted for two weeks. After excluding invalid questionnaires
such as those with too short online answering time, repeated options in most questions,
contradictory options, and perfunctory answering attitudes, 350 valid questionnaires
remained. The demographic information of the survey objects is shown in Table 3.

Table 3 Basic statistics of the sample

Descriptive
.. Category Frequency Percentage
Characteristics
Male 176 50. 3%
Gender
Female 174 49. 7%
60 - 70 years old 112 32. 0%
Age group 71-80 years old 163 46. 6%
80 years and older 75 21. 1%
Elementary school or below 87 24. 9%
Junior high school 71 20. 3%
Education Level High School/Vocational School 112 32. 0%
Junior college 55 15. 7%
Bachelor’ s degree and above 25 7.1%

4.2.2. Reliability and Validity Test

(1) Reliability Test

Cronbach's a coefficient and composite reliability (CR) value were used to test the reliability
of the observed variable data. The reliability results of each variable in the questionnaire are
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shown in Table 4. The overall Cronbach's a coefficient of the scale was 0.958, the Cronbach's
a values of each variable were all greater than 0.8, and the CR values were all greater than 0.7.
This indicates that the scale has good reliability and high credibility.

Table 4 Results of Reliability and Convergent Validity Tests

Variable Measurement . L ochs a AVE CR Std.
Ttem Estimate
IL1 0. 807
~ L2 0.791
[nformation 0. 887 0. 662 0. 887
Literacy IL3 0. 812
L4 0. 843
CF1 0. 827
w CF2 0. 779
Cognitive 0. 882 0. 652 0. 882
Function CF3 0. 801
CF4 0. 822
N PPC1 0. 838
Positive - PPC2 0. 824
Psychological 0.901 0. 694 0.901
) PPC3 0. 839
Capital
PPCA 0.831
o PM1 0.874
ear o FM2 0. 906 0. 763 0. 906 0. 861
Missing Out
FM3 0. 885
TAL 0.813
' TA2 0.821
Technical - 0887 0. 661 0. 886
Accessibility TA3 0. 816
TA4 0. 802
e ss1 0. 832
ever © 352 0.871 0. 692 0.871 0. 799
Social Support
383 0. 864
1AL 0. 798
Information TA2 0. 780
Addiction TA3 0.891 0.619 0. 890 0. 805
Tendencies 1A4 0. 796
1A5 0. 754

(2)Validity Testi

To test whether multiple items of the same latent variable have high consistency and
distinguish different latent variables of different measurement items, convergent validity and
discriminant validity were used to test the scale validity. Confirmatory factor analysis was used
to test the convergent validity and discriminant validity of the scale. The test results showed
that the AVE values of all latent variables were greater than 0.5, and the standard estimates
(Std.Estimate) were all greater than 0.7, indicating that the scale had good convergent validity.
As can be seen from Table 5, the square root values of AVE corresponding to each variable were
all greater than the absolute values of the correlation coefficients between the variable and
other variables, indicating that the variables in the scale had good discriminant validity.

Table 5 Result of Discrimination Validity Test
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1L CF PPC FM TA SS 1A
1L 0. 814
CF 0. 629 0. 807
PPC 0. 603 0.612 0. 833
FM 0. 644 0.619 0. 536 0. 873
TA 0. 627 0. 645 0. 594 0. 639 0. 813
SS 0. 599 0. 646 0. 603 0. 654 0. 604 0. 832
TA 0. 685 0. 689 0. 667 0.678 0.677 0. 680 0. 787

Note: The numbers on the diagonal are the square root values of the AVE of the factor, and the
other values are the correlation coefficients.

4.2.3. Hypothesis Test
(1) Evaluation of Structural Equation Model Fit

A structural equation model was used to verify the relationships between variables in the
model of factors influencing information addiction in the elderly, and the first step was to
conduct an overall fit test. CMIN/DF, RMSEA, and RMR are indicators reflecting the difference
of the model. Among them, the ideal standard of CMIN/DF is between 1 and 3, and RMSEA and
RMR less than 0.05 indicate that the model has a certain degree of difference. TLI, CFI, and NFI
are indicators reflecting the similarity of the model, and their values all greater than 0.9 indicate
that the model has a certain degree of similarity. The model fit indicators are shown in Table 6,
indicating that the model has a good fit.

Table 6 Model Fit

Indicator (General Standard) Value
CMIN/DF (<3) 1.134

RMSEA (0. 05) 0. 020

RMR (0. 05) 0. 048

TLT (>0.9) 0. 993

CFI (>0.9) 0. 994

NFT (>0.9) 0. 949

(2) Path Analysis

It can be seen from Table 7 that the significance levels of all hypotheses are less than 0.05,
indicating that hypotheses H1, H2, H3, H4, H5, and H6 are all valid. The hypothesis test results
are shown in Table 7.

Table 7 Results of Hypothesis Testing

Standardized Hypothesis
Hypothesis Hypothesis Content . S. E. C.R. P Test
Estimate
Results

Information literacy
has a negative impact

H1 on the elderly’ s -0.173 0.058 —2.704 0.007 Supported

tendency toward
information addiction
Cognitive function
H2 negatively influences -0. 164 0. 062 -2.478 0.013 Supported

information addiction
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tendencies in older
adults
Technological
accessibility
positively influences
information addiction
tendencies among older
adults

Social support levels

H3 0. 150 0.053 -3.189 0.020 Supported

negatively influence
H4 older adults’ -0. 159 0. 048 2.515 0.015 Supported
information addiction
tendencies
Positive psychological
capital negatively
H5 influences older -0. 190 0. 063 2.320 0.001 Supported
adults’ information
addiction tendencies
Fear of Missing Out
Positively Influences
H6 Information Addiction 0.163 0.058 —2.444 0.012 Supported
Tendencies in Older
Adults

(3) Mediating Effect Test

The Bootstrap method of Amos software was used to analyze the mediating effects of 8 paths.
The number of samples was adjusted to 2000, and the 95% confidence interval was calculated.
If the confidence interval of the indirect effect estimate does not contain 0, it is considered that
there is a significant mediating effect.

As can be seen from Table 8, except that the confidence interval of CF-FM-IA contains 0, the
confidence intervals of other paths do not contain 0. Therefore, positive psychological capital
and fear of missing out play a significant mediating role between information literacy and the
elderly's tendency toward information addiction; positive psychological capital plays a
significant mediating role between cognitive function and the elderly's tendency toward
information addiction; positive psychological capital and fear of missing out play a significant
mediating role between technological accessibility and the elderly's tendency toward
information addiction; positive psychological capital and fear of missing out play a significant
mediating role between social support level and the elderly's tendency toward information
addiction. However, fear of missing out does not play a significant mediating role between
cognitive function and the elderly's tendency toward information addiction. Therefore, except
for hypothesis H12, hypotheses H7, H8, H9, H10, H11, H13, and H14 are all supported.

Table 8 Results of the mediation effects test
Bias—corrected 95% CI

Path Std. Estimate SE
Lower Upper P
IL-PPC-IA -0. 042 0. 021 -0. 096 -0.013 0. 004
IL-FM-TIA -0. 041 0. 021 -0. 095 -0.01 0. 009
CF-PPC-IA -0.04 0. 022 -0. 101 -0. 007 0.013
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CF-FM-IA -0. 022 0. 017 -0. 069 0. 002 0.072
TA-PPC-IA 0.035 0.02 0. 005 0. 087 0. 022
TA-FM-IA 0. 037 0. 022 0. 007 0. 095 0.013
SS-PPC-IA -0. 043 0. 022 -0. 104 -0.01 0. 004
SS-FM-TA -0. 046 0. 023 -0. 103 -0.011 0.012

5. Results and Discussion

Based on the COM-B model, a comprehensive theoretical framework for behavior change, this
study systematically analyzed how the characteristics of Capability, Opportunity, and
Motivation promote or inhibit the elderly's excessive dependence on information and potential
addictive behaviors from three core dimensions, aiming to reveal the multi-dimensional
influencing factors of the elderly's tendency toward information addiction. The conclusions
drawn based on empirical research are as follows:

(1) In the Capability dimension, both information literacy and cognitive function of the elderly
have a negative impact on their tendency toward information addiction. Specifically, a higher
level of information literacy and cognitive function can reduce the elderly's excessive
dependence on information and the risk of addiction. As the ability of individuals to acquire,
evaluate, and use information, information literacy plays a significant positive role in enhancing
the elderly's resistance to information addiction. This is consistent with the research results of
Sun Yuchen [2], who pointed out that the weakness of digital literacy is one of the important
factors leading to digital addiction in the elderly. In addition, the study by Zhou Min et al. [57]
also emphasized the importance of improving the elderly's health information literacy for
maintaining their health in the context of "Internet +".

Cognitive function, as the mental ability of individuals to process information, make decisions,
and solve problems, also has a negative impact on the elderly's tendency toward information
addiction. This indicates that elderly people with stronger cognitive function are more likely to
conduct rational information processing and reduce the possibility of information addiction.
The results of this study further confirm the important role of information literacy and
cognitive function in the information behavior of the elderly. They not only are consistent with
the views of previous studies but also have new findings, that is, improving the information
literacy and cognitive function of the elderly can effectively reduce the risk of their information
addiction.

(2) In the Opportunity dimension, technological accessibility has a significant positive impact
on the elderly's tendency toward information addiction, while social support level has a
significant negative impact on it. This indicates that when information technology provides
more convenience for obtaining and using information, the elderly may be more likely to
develop excessive dependence on information or addictive behaviors; strong support from
family, friends, and communities helps to reduce the elderly's excessive dependence on
information technology and the risk of addiction.

Similar to the influencing factors of Internet addiction in adolescents, this study further
confirms that the popularization and ease of use of technical equipment make it easier for the
elderly to access various online services, but at the same time, it also increases the risk of their
excessive use of the Internet [58]. In addition, social support can serve as a buffer mechanism
to help the elderly establish healthy Internet usage habits and reduce the possibility of Internet
addiction [59].

(3) In the Motivation dimension, positive psychological capital has a negative impact on the
elderly's tendency toward information addiction, that is, the elderly group with higher positive
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psychological capital (including self-efficacy, hope, optimism, and resilience) is less likely to
have excessive dependence on information or addictive phenomena. This is consistent with the
research results of Karas et al. [60], who pointed out that there is a correlation between
smartphone addiction and depression, anxiety, and sleep quality in the elderly, and the
construction of positive psychological capital helps to alleviate these negative emotions,
thereby potentially reducing the risk of information addiction.

On the other hand, fear of missing out is positively correlated with the elderly's tendency
toward information addiction. Existing studies have clearly pointed out that individuals who
use social media more frequently are often accompanied by a higher level of fear of missing out,
which may prompt individuals to use information technology more frequently to avoid missing
important information or social events [61]. Elderly people who experience a higher level of
fear of missing out are more likely to show excessive dependence on or addiction to information
reception.

(4) Positive psychological capital plays a significant mediating role between the elderly's
tendency toward information addiction and personal Capability and external Opportunity
factors. That is, positive psychological capital not only directly reduces the elderly's tendency
toward information addiction but also plays a key mediating role by improving individuals'
ability to process information and optimizing the use of external resources. This finding is
consistent with the role of positive psychological capital in promoting behavior change in
existing literature [62].

In the COM-B model, Capability, Opportunity, and Motivation are three key factors affecting
individual behavior. The mediating effect analysis of this study further clarifies the mechanism
of positive psychological capital in the information addiction behavior of the elderly. As an
internal motivational resource, positive psychological capital can enhance the elderly's self-
efficacy and optimistic attitude, thereby improving their ability to use information technology
and making more reasonable choices when facing information overload [63]. In addition,
positive psychological capital is also closely related to social support, and can indirectly affect
the information behavior of the elderly by enhancing their social interaction and the social
resources they obtain [64].

(5) Fear of missing out plays a mediating role between information literacy, technological
accessibility, social support level, and the elderly's tendency toward information addiction.
Fear of missing out not only directly affects the elderly's tendency toward information
addiction but also indirectly promotes the formation and development of the tendency toward
information addiction by influencing how they use information literacy, respond to
technological accessibility, and perceive social support.

The study found that although fear of missing out shows a significant mediating role between
the elderly's tendency toward information addiction and various factors, its mediating effect is
not prominent in the specific relationship between cognitive function and the tendency toward
information addiction. This means that compared with other factors such as information
literacy, technological accessibility, and social support level, the impact of the elderly's
cognitive function on their tendency toward information addiction is more direct, and this
impact is not easily significantly regulated by fear of missing out.

The reasons for the insignificant mediating role of fear of missing out between cognitive
function and the elderly's tendency toward information addiction can be analyzed from the
following two aspects: First, cognitive aging. With the increase of age, the cognitive function of
the elderly may decline, including memory, attention, and processing speed, which may weaken
their ability to process complex information, including the identification and regulation of fear
of missing out emotions. Therefore, even if they experience fear of missing out, the elderly may
not necessarily show typical information addiction behaviors due to limited cognitive resources.

105


%09%09%09%09%09%09https:/sprcopen.org/index.php/FHT/index%0a%09%09%09%09%09
https://portal.issn.org/resource/ISSN/3079-6601

Frontiers in Healthcare Technology Volume 2 Issue 1, 2025
ISSN: 3079-6601

Second, changes in social participation. Compared with young people, the scope and mode of
social activities of the elderly may be different. They may pay more attention to the depth rather
than the breadth of social interaction. Therefore, fear of missing out may have a relatively small
impact on their information usage habits. The elderly may pay more attention to the quality of
actual interpersonal communication rather than participation in the virtual world.

6. Conclusion

Based on the COM-B model, a comprehensive theoretical framework for behavior change, this
study constructed a multi-dimensional factor model influencing the elderly's tendency toward
information addiction by refining each dimension of Capability, Opportunity, and Motivation
from three core dimensions. The structural equation modeling (SEM) method was used to
analyze the collected questionnaire data. The results show that information literacy, cognitive
function, social support level, and positive psychological capital have a negative impact on the
elderly's tendency toward information addiction, while technological accessibility and fear of
missing out have a positive impact on the elderly's tendency toward information addiction.
Positive psychological capital and fear of missing out show significant mediating roles in
multiple action paths.

In the empirical analysis, the questionnaire was used as the main tool for data collection, which
ensured the directness and timeliness of the data, but there were also potential biases caused
by differences in participants' psychological states and subjective cognition. Future research is
recommended to adopt a mixed method, combining quantitative questionnaires with
qualitative in-depth interviews, and consider introducing big data analysis strategies to obtain
data from social platforms, so as to enhance the representativeness of samples and reduce
human interference. In addition, full consideration should be given to the moderating or
mediating role of demographic variables (such as gender, age, educational background, etc.),
and stratified analysis or moderating effect testing should be conducted to improve the
segmentation and explanatory power of the conclusions, thereby enhancing the universality
and practical guiding significance of the research conclusions.
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